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Extended Data Fig. 7 | Summary of the performance of the fourteen multi-
omics prediction algorithms. The figure shows: (i) the properties of these 
algorithms, including the programming languages, methodologies, and GPU 
acceleration requirements. (ii) the overall performance of these algorithms, 
evaluated by six metrics in both the inter- and intra-scenarios. A lighter color 

(and/or a larger dot) indicates better performance for a given metrics. (iii) the 
computer time and memory consumed by these algorithms for different sizes 
of datasets; ‘NA’ indicates a memory error or invalid result. Source data for this 
figure are provided.
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Extended Data Fig. 8 | Summary of the performance of the fifteen vertical 
integration algorithms. The figure shows: (i) the properties of these algorithms, 
including the programming languages, methodologies, and GPU acceleration 
requirements; (ii) the overall performance of these algorithms, evaluated by four 

metrics. (iii) the computer time and memory consumed by these algorithms for 
different sizes of datasets; ‘NA’ indicates a memory error or invalid result. Source 
data for this figure are provided.
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Horizontal integration algorithms for RNA+ATAC

Extended Data Fig. 9 | Summary of the performance of nine horizontal 
integration algorithms. The figure shows: (i) the properties of these algorithms, 
including the programming languages, methodologies, and GPU acceleration 
requirements; (ii) the overall performance of these algorithms, evaluated by ten 

metrics in both the inter- and intra-scenarios. (iii) the computer time and memory 
consumed by these algorithms for different sizes of datasets; ‘NA’ indicates a 
memory error or invalid result. Source data for this figure are provided.
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Extended Data Fig. 10 | Summary of the performance of eight mosaic 
integration algorithms. The figure shows: (i) the properties of these algorithms, 
including the programming languages, methodologies, and GPU acceleration 
requirements; (ii) the overall performance of these algorithms, evaluated by  

ten metrics in both the inter- and intra-scenarios. (iii) the computer time  
and memory consumed by these algorithms for different sizes of datasets;  
‘NA’ indicates a memory error or invalid result. Source data for this figure  
are provided.
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